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GET KNOW

Ad hoc connecters, Manual data inspection ~ Reliant scripting to manage
scrapers and queries and tagging (sampled) @ schemas, little to no control



ETL 1.0: regular expressions .

REGEX TO IDENTIFY SCRIPTING e 0

([A-ZA-ZI{3,3( 1,)) (\D*)*\W*| (\D*)| parse(string, regex):

a = string.find(regex
(\D*)V(\D*) -find{regex)

return a




GET KNOW

Shared, largely open Regular expression and

source connectors simple rules based based transformations




ETL 2.0: GUI based scripting

TRIFACTA PAXATA

= C 8 nhitps.//dataprep.paxata. com/1/project/334a453a28854d1d8a 72 12defSdaadbh?e/ds-334 a4 532688 4d1d8a72 1 2deSdaachle/step: e O
pots Prep for customer product segmentation ‘
extract The Extract transform extracts data that Syntay: P bmmnl ' ® o
follows a specified pattern from a given extract col: column on: 'pattern’ Compute Values o -
column and creates a new column limit: integer guote: 'string’ = for Total Reve:
@ containing that data. The original column at: position after: 'pattern’ D )+
remains unchanged. before: 'pattern' from: 'pattern’
to: 'pattern' uriparam: 'string' v v
p- Address | B8 City B3 country €8 MainPhoneNumb... ) interest Revenue
7 ULy 'y CA S0232-24..5 USA 3102020001
ROSEMEAD CA 91770-2328 USA 6263073200
Example: B = LA HABRA CA 906313933  USA 5626946551
- - S S T OS ANGELES CA 90025-4260 SA 3104994150
extract col: text on: /[@-9]+/ limit: 10 8 = _ e b
: : . . . E QS ANGELES CA S0025-0000 LSA 3102316100
LOS ANGELES A S00.25-0000 USA 302370100
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Regex+machinelearning o

_ength

A

# Letters] O

# Digits| 4

# Special chars| 0O

Index Specia| charl -1 | &




Existing systems
aren’t scaleable




ETL 3.0: deep learning

VDCNN

Semantic + structural
understanding




Deep learning

VDCNN

Semantic + structural
understanding
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CNN inputs




VDCNN outputs

“Oliver Wyman”

{
“score”: "0.936947"

n_ i

“tag”: "organization”

Organization |

“score™ “0.908231"

n_ i

“tag”: “full _name”

Address } Full name




Deep learning » A

VDCNN

Semantic + structural
understanding




LSTM + CRF

Char Embedding s
idirectional LSTM m{m|mlm
+ BRI

CRF P PP

B

Parsed String B



Deep learning » A

VDCNN

Semantic + structural
understanding




Output Sequence
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CONTEXTS

DECODER
NETWORK

2o | | SEQUENCE

07

a3 ['m ENCODED

Loaks at the complete encoded
sequence 1o determine which encoded
characters to weigh highly

Mhe cantext determines which
characters 0 focus on the mesl as
determined by the atention
mechanism

I'he decoder network uses the conlext,
an internal state and the previous
prediction to inform the next prediclion



Deep learning-powered pipelines

GET KNOW
g et irom B fEnsiofmuatatoany: oo
any source automatically detected @ isoformandformat
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